Item bias techniques based on item response theory (IRT) rely on the property of invariance of item parameters. According to the invariance property, the same item response functions (IRFS) are obtained for a test item regardless of the trait (8) distribution of the examinees used to estimate the item parameters (Hambleton, Swaminathan, & Rogers, 1991) . In item bias research, &dquo;focal group&dquo; usually refers to the group of interest (e.g., a &dquo;minority&dquo; group), and &dquo;reference group&dquo; is the base group to which the performance of the focal group is compared (e.g., a &dquo;majority&dquo; group). Thus, when the reference and focal groups are compared, the IRFs (Hunter, 1975; Miller & Linn, 1988; Oshima & Miller, 1990; Traub, 1983) . I~ultidir~aensionality of a test, however, is not a sufficient condition for an item to be biased. Recently, a theory was developed to explain item bias from a multidimensional IRT perspective (Ackerman, 1991; Shealy & Stout, 1989 . According to the theory, when examinees have multidimensional trait distributions that result from &dquo;primary&dquo; and &dquo;nuisance&dquo; traits, and the test items are sensitive to these differences, the differences in the conditional nuisance trait distributions between the groups of interest are the cause of potential item bias (Ackerman, 1991 Downloaded from the Digital Conservancy at the University of Minnesota, http://purl.umn.edu/93227. May be reproduced with no cost by students and faculty for academic use. Non-academic reproduction requires payment of royalties through the Copyright Clearance Center, http://www.copyright.com/ As the number of multidimensional items increases, the assumption of unidimensionality becomes increasingly untenable. The traditional definition of unidimensionality may be too stringent, and many researchers (e.g., Harrison, 1986; Reckase, Ackerman, & Carlson, 1988; Traub, 1983) have suggested that it is unlikely that test data-especially achievement test data-will meet this assumption. Stout (1987 Stout ( , 1990 
Unidimensionality
To examine the essential unidimensionality of the data, 10 datasets for the reference group from each condition (5%, 10%, and 20%) were tested for essential unidimensionality using DIMTEST (Miller & Linn, 1988) . Another simulation study (Oshima, 1989) Park & Lautenschlager, 1990) . In the iterative approach, the test data are &dquo;purified&dquo; by removing biased items. In essence, by removing the biased items, the remaining test approaches a more unidimensional structure. The more direct approach to obtaining the unidimensional structure was suggested by Shealy & Stout (1989) and Shealy, Stout, & Rossos (1991) . In this approach, a &dquo;valid&dquo; subtest, which is as unidimensional as possible, can be selected by a practitioner, and items suspected to be biased can be tested against the valid subtest. The selection of the valid subtest can be rather subjective. More research is needed in this area, however.
As expected, in this study the biased items were identified as biased more often as the degree to which the item measured the nuisance trait increased. Multidimensional discrimination (MDISC) also was found to be a factor that influenced the detection rate of biased items. When the value of MDISC increased, the discrimination power for both traits (i.e., a;, and a;2) increased. As ~,2 (i.e., the discrimination power on the nuisance trait) increased, the item with higher ai, became more sensitive to a distributional difference on the nuisance trait, thus resulting in the higher detection rate of biased items.
The generalizability of the results of this study is limited by the range of values for item parameters, the trait distributions for each group, and the dimensionality structure. In the present study, the mean differences between groups on the primary and nuisance traits were set at .5. In practice, there may be a difference as large as 1.0 between the focal and reference groups on the primary trait (Linn & Drasgow, 1987 
